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❖ Location-based recommender systems provide relevant suggestions to users by integrating location information.

❖ These could include recommendations for hotels, restaurants, parks or other places near the user's location .

❖ Place recommendation would not recommend only near places.

❖ A recommender system of tourism should focus on attractiveness of places rather than their locations.

❖ These systems focus only on the general area of places, not on their exact locations. 

❖ A place may be very attractive, but it is so far away that users will avoid visiting it. 

Problem

A Place recommender system

which consider spatial and non-spatial features
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Extract meaningful place-based concepts 

from UGTCs and suggest places, which is 

applicable in recommender systems

Objective

Consider semantic spaces consisting of 

objects from some particular domain 

(TripAdvisor place reviews).
Such semantic spaces often model salient 

features (e.g., attractiveness) as directions
The feature directions allow us to rank 

objects according to how much they have 

the corresponding feature

Our method is fully unsupervised, requiring 

only a bag-of-words representation of the 

objects as input
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Within this space: Identify directions which encode

❖ how light an object is and

❖ how closely its shape resembles a square

Toy example: A 2-D embedding of geometric shapes
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Ager, T., Kuzelka, O., & Schockaert, S. (2018). Modelling salient features as directions in fine-tuned semantic spaces.



Workflow 
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Tripadvisor 



Workflow 

8



Place Functionality FoodPlace Hotel Attraction Shop Total 

No. of Places 3314 573 482 232 4601 

No. of Reviews 325774 160774 95661 17840 600049 
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Data and Study Area
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Workflow 

10



The Thematic View of The Semantic Space
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❖ A topic for each functionality (4 topics)

❖ MDS Dimensions are the constant number of 

dimensions to convert BoW to lower dimensional 

similarity space (D=5, 10, 20, 50)

❖ A hyperplane for each functionality (4 hyperplanes)



Topic Modeling LDA
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Sample of Predicted Functionalities
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Evaluation Results
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Distribution Results
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Ranked Places Bases on Semantic Space
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Workflow 
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Summery
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❖ The aim was proposing a place recommender system by integrating the geographic space and the 

semantic space.

❖ The general functionalities were extracted from Tripadvisor reviews.

❖ The semantic space was constructed by modelling salient features as directions for each functionality.

❖ The semantic distances were calculated in this space.

❖ The pairwise geographic distances were calculated in the geographic space.



Limitations and Future works
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❖ Insufficient performance for shopping functionality

❖ Looking for an approach to integrate the geographic space and the semantic space

❖ Consider user’s location in ranking approach for place recommender system



Thank you for your attention

• Email: minakarimi@email.kntu.ac.ir , mina.karimi@geo.uzh.ch 
• Research Gate: https://www.researchgate.net/profile/Mina-Karimi-2
• Google Scholar: https://scholar.google.com/citations?hl=en&user=n3DdXloAAAAJ
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